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lift = 
GP in 90-100 percentile range 

GP in 0-10 percentile range + 1 
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Models Lift MSLE AUC (%) KS (%)

MLP 0.6044 0.12 66.93 24.02

AdaBoost 0.6308 0.1240 68.08 26.34

XGBoost 0.1099 0.1099 68.81 27.24

Company  0.6296 0.1095 68.30 26.61
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